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Motivation
Methods

The introduction of Al technology has fundamentally transformed platform data processing models:
This research conducts a systematic longitudinal analysis of how Al-based information

Al-driven information handling practice: deep learning optimization (Sarker, 2021) and real-time handling practices are disclosed and evolve in platform privacy policies, using Meta as a

intelligent computing systems (Paramesha et al., 2024) strategic case study.

This marks a critical shift in the role of the “platform.” Platforms have evolved from mere "data

controllers" (determining collection purposes and methods) to active "data processors" (engaging in Three versions of Meta's privacy policy representing key evolutionary stages: September
mining, analysis, and redistribution). While GDPR (Articles 13, 14) and EU Al Act (Articles 53, 54) set 2018: Pre-Al explicit usage era (post-GDPR implementation); January 2022: Early Al

Lo . X . N . L integration period; June 2024: Advanced Al adoption under expanded regulatory frameworks
explicit disclosure requirements that platforms primarily fulfill through privacy policies (EDPB, 2018), (GDgPR ang EU Al Act). By examining these Eignificant poIi(F:)y versiongs acro;/s a six-year

current policies exhibit structural deficiencies: they detail basic data collection while inadequately period marked by major regulatory and technological shifts, we trace the evolution of Al data
disclosing Al's complex data processing models, severely undermining the effectiveness of practice disclosures. We use the Cl-based method (Shvartzshnaider et al., 2019) to:
regulatory assessment mechanisms.

A) Systematically annotate Cl parameters across three policy versions

B) Establish mapping relationships between Cl parameters and legal requirements

C) Assess changes in privacy policy compliance over time (Bhatia et al., 2016; Harkous et
Methodology al., 2018)

This study adopts the Contextual Integrity (Cl)
framework as its theoretical foundation

(lesenbaqm, 2004). The Cl lframework JConfi.dehEi,aLik "Research and innovate for social good. use the information we have [attribution]
defines privacy as the appropriateness of J > (including from research partners we collaborate with) to conduct and support research and innovation
information flow, assessing privacy policies by i on topics of general social welfare, technological advancement, public interest, health and
identifying five key parameters in information Patient @ meslical record Doctor well-being [transmission principle]. For example, analyze information we have about
flow (sender, recipient, subject, attribution, migration patterns [attribution] during crises to aid relief efforts [recipient]."

Privacy as an appropriate information flow

and transmission principle).

[_<actors*: subject, sender, recipient>, <attributes*>, <tr principle> Example: Cl annotation of a privacy policy statement

We capture the information handling practices
prescribed in the privacy policy and other
privacy related documentation to evaluate
how they evolve throughout overtime, before
and after the introduction of Al-based Analysis
capabilities.

Initial findings

A) Meta's privacy policy language evolved from technology-neutral terminology in 2018

. . ("technological advancement"), to indirect references to automated systems in 2022, to explicit
Research Objective acknowledgment of "artificial intelligence and machine learning" in 2024, reflecting strategic
transparency adaptation.

This research establishes a joint framework for privacy policy analysis and legal compliance B) While sender identification remained consistent and transmission principles became more
assessment, based on three key observations: explicit over time, information types stayed vague and subjects (users) remained implicit across
all versions, creating structural information asymmetries.
1. Expanded Data Usage Scenarios: Al has extended data use from basic business to autonomous C) Minimal substantive improvement in compliance across versions, despite significant regulatory
decision systems and neural network training (Paramesha et al., 2024), yet privacy policies exhibit developments (GDPR implementation and EU Al Act).
D) Reveal a critical pattern where the 2024 policy acknowledges Al usage (transmission principle)

systematic disclosure inadequacies

2. Regulatory Trigger Points: 2023-2024 data shows regulatory actions against major platforms are
predominantly triggered by privacy policy changes (IAPP, 2024), indicating policies as critical
regulatory scrutiny starting points

3. Informed Consent Crisis: Al training poses unprecedented challenges to the informed-consent

without corresponding enhancement of user control mechanisms, creating a disclosure-control
gap that undermines contextual integrity.

Summary: We assess compliance by mapping Cl parameters to regulatory requirements. Using
keyword matching and contextual analysis, we link the principle of transfer to transparency

model, with platforms' freedom to arbitrarily adjust disclosure language further exacerbating this requirements, the type of information to the purpose limitation, and the subject processing to the
dilemma rights of the data subject. Based on clear disclosure of the purposes of processing, specificity of the
4. Through longitudinal analysis of Meta's privacy policies, this research will reveal the complex categories of data used, clear explanations of automated decision-making, and documented risk
relationships between platform role evolution, data use scope expansion, and existing regulatory mitigation measures, we evaluate each version of the Policy using a three-level scoring scale

framework adaptability. (non-compliant, partially compliant, fully compliant).

luti f Al-Related inol i i i lici " \ aee
SrelifionofAlelinc Tminclogy InMeteis brvacy olicles Next steps: 1) We will document Meta's transition from a data collector to a processor-controller

hybrid by annotating the privacy policy with the Cl parameter. 2) We will assess specific compliance
2018 Policy 2022 Policy 2024 Policy deficiencies in the Privacy Policy in conjunction with the Al Risk Assessment Framework and
rtificial intelligence Automated Decision Interpretation required by the EU Al Act.
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