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ABSTRACT

Coordinated charging is an effective charging
plan for PEVs to improve the overall system
energy utilization and prevent the overload of an
electric power grid. On the other hand, PEVs,
which have energy storage and controllable loads,
can be discharged to help the grid to smooth the
fluctuations, for example, introduced by distribut-
ed generators (DGs). Either to prevent overload-
ing or to regulate the power grid, most existing
charging/discharging plans focus on temporal
charging/discharging coordination for parked
vehicles. However, for moving vehicles, spatial
coordination can also bring benefits to the grid.
For spatial coordination, the range anxiety prob-
lem should be carefully handled, since PEVs can-
not reach some charging stations due to the
limited battery levels. In this article, by exploiting
both spatial and temporal coordinations, we
introduce an online PEV charging/discharging
strategy considering range anxieties. To collect
real-time information for the proposed online
strategy, a heterogeneous wireless infrastructure
is proposed by integrating cellular networks with
vehicular ad-hoc networks (VANETS). Challeng-
ing issues are discussed in terms of modeling
PEV mobility, network selection for real-time
information delivery, balancing the trade-off
between the grid power utilization and drivers’
preferences, and modeling business revenues for
charging/discharging. Case studies demonstrate
that joint spatial and temporal charging coordi-
nation can effectively improve power utilization
and avoid overloading the power grid.

INTRODUCTION

Plug-in electric vehicles (PEVs), as a promising
component of sustainable and eco-friendly
transportation systems, have received consider-
able attention recently [1, 2]. Partially or fully
refueled by electricity, PEVs have great poten-
tial to save thousands of dollars in gasoline costs
over the vehicle’s lifetime. For instance, a
TESLA Model S, a pioneer retail battery PEV

produced by TESLA Motors, costs only $30 per
kilometer, while a gasoline-fueled premium
sedan costs $173 per kilometer [3]. Besides, the
adoption of PEVs into the transport sector can
reduce the consumption of conventional energy
sources (e.g. gasoline) and environmental pollu-
tion (e.g. greenhouse gas emissions). As report-
ed in [1], battery powered PEVs, which
completely depend on rechargeable batteries
and thus produce no emissions, can reduce
overall emissions from the transport sector by
70 percent. Therefore, it is expected that PEVs
will account for a higher market share in the
transport sector. According to the report of the
Electric Power Research Institute (EPRI) [2],
the PEV penetration level can reach 35 percent,
51 percent, and 62 percent by 2020, 2030, and
2050, respectively.

The widespread adoption of PEVs brings new
potential benefits and challenges to the opera-
tion of the grid. On the challenges side, high
PEV penetration levels will lead to overload
charging problems for the smart grid. For exam-
ple, electric taxi charging, which is very likely to
coincide with the peak demand time of the
power system, can lead to an overload of power
consumption in a distribution feeder, resulting in
power system instabilities in voltages and thus
reduction in the energy supply [4]. This is espe-
cially true for fast PEV charging, as it requires
much higher power than the regular charging.
On the potential benefits side, PEVs with energy
storage and controllable loads can be used to
help the grid match fluctuating electricity gener-
ation, due to renewable sources, to the load
demand and/or to charge other PEVs, leading to
fewer requirements in terms of extra storage
devices. Specifically, via the bidirectional charg-
er, PEVs are capable of not only drawing energy
from the power grid with the plug-in function
(i.e. charging via grid-to-vehicle (G2V)), but also
delivering the energy back to the grid (i.e. dis-
charging through vehicle-to-grid (V2G)). Via
V2G, discharging from the PEVs with extra
energy can help regulate the frequency and volt-
age of the grid. Furthermore, through interac-
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tion among PEVs, an aggregator can perform a
coordinated control of a group of PEVs for
charging and discharging purposes, that is, ener-
gy can be transferred among PEVs in swapping
stations [5], i.e. vehicle-to-vehicle (V2V) charg-
ing/discharging.

The above challenges, e.g. avoiding overload,
and the potential benefits, e.g. regulating the
frequency, can be better addressed (and exploit-
ed) through coordinated charging/discharging
strategies. So far, the research has focused on
temporal coordination, with most of the work
distributing the charging/discharging decisions in
the power system over different time periods.
Temporal coordination is performed for a group
of PEVs that are assumed to be ready for charg-
ing/discharging within a specific area (e.g. park-
ing lots or residential areas). In practice, PEVs
may need fast charging when moving on the
road (e.g. electric taxis). In addition, mobile
PEVs can contribute to a V2G or V2V transac-
tion if high revenue is expected. Thus, better
results can be achieved by combining the tempo-
ral information with the spatial coordination for
mobile PEV charging/discharging.

In the spatial coordination of mobile PEVs,
the charging/swapping station that is assigned for
the PEV may be too far to reach given the PEV’s
current location and battery energy level (i.e.
range anxiety, which presents tension between
the PEV travel cost! and battery energy level),
leading to the PEV battery being depleted on
the way for G2V or resulting in less revenue for
charging/discharging. Therefore, drivers prefer
charging/swapping stations at locations with less
travel cost or more charging/discharging revenue
while considering range anxieties. However, such
a preference may conflict with the system’s tech-
nical constraints. Therefore, new online charg-
ing/discharging strategies are required to
consider both drivers’ preferences and system
constraints.

To this end, in this article we focus on lever-
aging the real-time vehicle information for
designing an efficient PEV online charging/dis-
charging strategy based on both spatial and tem-
poral coordination. Specifically, three underlying
key problems will be investigated:

* What kind of information is required to sup-
port the spatially and temporally coordinated
online charging/discharging strategy?

* How to efficiently and reliably obtain the real-
time information for the PEV online charg-
ing/discharging strategy?

* How to design mobility-aware coordinated
PEV charging/discharging?

We first review the related work in the next
section and then propose solutions to those
problems.

CLASSIFICATIONS OF
CHARGING /DISCHARGING STRATEGIES

Several studies have indicated that the power
system can be significantly affected by the high
penetration levels of PEV charging [6]. In addi-
tion, coordinated discharging can bring great
benefits to the grid. The research on charging/
discharging strategy design for PEVs in the

smart grid can be categorized from different per-
spectives as follows.

Centralized and decentralized strategies (e.g.
[4]): For a centralized strategy, the charging/dis-
charging strategy is operated based on a central-
ized structure. The global optimal performance
can be quickly obtained, based on the high sig-
naling overhead for information collection and
high computation requirements. For a decentral-
ized strategy, the decisions are locally made by
the PEVs following an iteration-based approach
through information exchange, with reduced
computation complexity. Therefore, in this article
we propose a decentralized coordination strategy.

Pure PEV coordination (e.g. [4]) and price
control-based strategy (e.g. [7]): In pure PEV
coordination, drivers are assumed to uncondi-
tionally follow coordination decisions. However,
for mobile PEVs, such decisions impose a con-
flict between the system’s technical limitations and
driver preferences. Such a problem can be
addressed through price control. Charging/dis-
charging decisions are made based on electricity
prices, which are jointly set by charging stations
based on the total demands/supplies of PEVs’
charging/discharging profiles. In this article we
propose a strategy based on price control, by
which a driver is motivated to follow the coordi-
nated decision due to a cheaper electricity price
for charging and higher revenue for discharging.

Myopic (e.g. [8]) and predictive (e.g. [9])
charging/discharging strategies: The myopic
decisions of charging/discharging are based only
on the current information in the grid, while in a
predictive strategy, future power demands in the
grid are considered when making charging/dis-
charging decisions. Since myopic charging/dis-
charging strategies do not consider the effects of
the current and future PEV charging/discharging
decisions on the power grid, the charging/dis-
charging decisions through short-term prediction
of power demands are more reliable in reality.
Therefore, in this article we propose a predictive
charging/discharging strategy.

INFORMATION FOR SPATIAL AND
TEMPORAL CHARGING /DISCHARGING
COORDINATION STRATEGIES

In this section we discuss the information need-
ed to support the spatial and temporal charg-
ing/discharging coordination strategy. These
include the information required by the stations
and the PEVs.

INFORMATION REQUIRED BY
CHARGING / SWAPPING STATIONS

Since the coordinated electric prices are decided
by charging/swapping stations when the collected
PEV charging/discharging decisions are com-
pared to the load capacities of charging/swap-
ping stations, the information of the fluctuating
load capacities at charging/swapping stations
should be predicted. There exist not only tempo-
ral fluctuations in the load capacity of each dis-
tribution feeder but also spatial fluctuations in
the load capacity among different distribution
feeders at the same time.

Since the coordinated
electric prices are decid-
ed by charging/swap-
ping stations when the
collected PEV charg-
ing/discharging deci-
sions are compared to
the load capacities of
charging/swapping sfa-
tions, the information of
the fluctuating load
capacities at
charging/swapping sta-
fions should

be predicted.

L In this article, the PEV
energy consumed on the
road to reach a charg-
ing/swapping station is
referred to as the travel
cost.
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Time Bus number B; B3 By Bg By Bg By Big Biq Bq;
21:00 P(MW) TBD 4.0 5.5 6.0 55 45 — 3.5 TBD 3.0
Q(MVar) — 3.0 5.5 1.5 55 45 — 3.0 — 1.5

Table 1. Active and reactive power load values of buses at 21:00.

15

M Load capacity at B,
10

B Load capacity at Bq4

— Residential load at Bg

Residential load of Bg (MW)

5:00

Load capacity of a charging station (MW)

10:00
Time

15:00 20:00

Figure 1. Load capacities of charging stations vary with both space and time.

2 An RTU is a micropro-
cessor-controlled elec-
tronic device that
interfaces objects in the
physical world to a dis-
tributed control system
or SCADA (supervisory
control and data acquisi-
tion) system by transmit-
ting telemetry data to a
master system, and by
using messages from the
master supervisory sys-
tem to control connected
objects.

3 Charging station loca-
tions can be found
online:
http://www.caa.ca/evsta-
tions/.

Hllustrative Examge of Fluctuating Load Capcity — For
simplicity, assume a power system without dis-
tributed generators (DGs) and consider the
parameters of the 12-bus distribution system in
[10] with the load demand enlarged to the MW
level, as shown in Table 1. Two charging stations
are connected to buses B; and By, respectively.
The residential power load is loaded at bus Bg.
The input voltage is set to 1.0 per unit (pu), and
the minimum allowable voltage is 0.9 pu, with
the impedance of any line section being 0.005 +
j0.0046. The normalized power loads at Bg over
that at 21:00 pm (Table 1) during a day are shown
in Table 2, according to the trend in [11]. Sup-
pose the other residential power load trends also
change with time similarly to that of Bs.

Since the charging station capacity can be
determined based on the predefined voltage lim-
itations and sensitivity factor value for the addi-
tional load at each bus [4], the load capacities of
the charging station buses (i.e. B, and Bj;) can
be determined as 2.6 MW and 4.0 MW at 21:00
pm, respectively.

Consider a PEV, e.g. a TESLA Model S
sedan, with battery capacity of 85 kWh [3]. It
imposes a maximum electrical load of 250 kW
on the bus, when the charging period is set to 10
min (i.e. fast charging scenario) with a maximum
charging energy of about 41 KWh. Suppose all
PEVs have the same charging rate. Hence, at
21:00 pm the charging station connected to B,
can accommodate 10 standard PEVs for simulta-
neous charging, which corresponds to a maxi-
mum additional load of 2.5 MW (=10%*250 kW

< 2.6 MW). Similarly, the PEV charging station
located at By can accommodate 16 standard
PEVs for simultaneous charging at 21:00 pm
(=16*250 kW = 4 MW).

To demonstrate the temporal fluctuations,
consider for example bus Bg. The power load of
Bg is shown in Fig. 1, according to the trend in
Table 2. Since the residential power loads vary
with time as shown in Fig. 1, the load capacities
of charging stations, which can be obtained
based on the power flow equations, also vary
with time, accordingly. In other words, different
charging stations at different locations can
accommodate different numbers of PEVs over
time and space. As a result, the load capacities
of charging stations, which are fluctuating both
spatially and temporally, are the required infor-
mation for designing the strategy. Note that the
historic remote terminal unit (RTU) readings of
the power grid? can be utilized to provide such
information. In addition, charging/swapping sta-
tions should receive information regarding the
PEVs’ charging/discharging decisions (i.e. power
demands or power supplies). The gathered infor-
mation, in terms of spatial and temporal load
capacities and power demands, can be used for
price updates.

REAL-TIME INFORMATION REQUIRED BY PEVS

The charing/discharging decisions are made by
individual PEVs while considering the travel cost
and charging/discharging revenue. For spatial
coordination of mobile PEVs, range anxiety is
the key to the viability of charging/discharging
decisions; otherwise, the batteries of PEVs will
be depleted on the way to G2V operations, and
less revenues will be achieved for V2V/V2G
operations. Hence, new efficient PEV
charging/discharging strategies must be designed
to take care of real-time vehicle information
(e.g. locations and current battery energy levels)
in order to address the range anxiety problem
and incorporate spatial coordination in the
charging/discharging strategy.

Illustrative Examge of PEV Range Anxiety — Consid-
er a Tesla Model S [3] with a range of 480 km;
its lithium-ion battery pack stores 85 kWh. The
energy-consumption of this PEV is 18 kWh per
100 km. On the other hand, the penetration of
the deployment of PEV charging stations would
be a slow process [3], most likely leading to a
sparse distribution of charging stations. The
deployed charging stations in the Kitchener-
Waterloo region3 are shown in Fig. 2. There
are three charging stations in Waterloo, and
two in Kitchener. When the power demands of
both charging stations in Kitchener are much
higher than those in Waterloo, PEVs in Kitch-
ener can be dispatched to the charging stations
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Time Tlam 2am 3am
Normalized power 0.5 0.5 0.5
Time Tpm 2pm 3pm
Normalized power 2.5 2.3 2.1

4am

4pm

Table 2. Normalized residential power load at Bg over the power load at 21:00 (Table 1) during a day.

in Waterloo. Without considering the range
anxieties, the batteries of some PEVs will be
depleted on the way to route to Waterloo.
Hence, based on both load capacities of the
power grid and individual real-time vehicle
information (e.g. locations and battery energy
levels), PEVs can make charging/discharging
decisions. Then, the decisions can be addressed
in a predictive fashion:

* Whether a vehicle should be charged/dis-
charged in the next period based on the cur-
rent battery energy level?

* Which charging/swapping station should an
individual vehicle be directed to considering
the range anxiety based on the vehicle current
location, while protecting the charging feeders
from an overload situation for a G2V opera-
tion and achieving high revenues for a V2V/
V2G operation?

* How much energy should be charged/dis-
charged to (from) this vehicle in the next peri-
od so as to improve system energy utilization
and guarantee power system stability?

In the next section we provide the solution to
efficiently and reliably obtain the real-time infor-
mation for the PEV online charging/discharging
strategy.

HETEROGENEOUS WIRELESS
NETWORK-ENHANCED SMART GRID

To efficiently and reliably deliver real-time infor-
mation for the PEV online charging/discharging
strategy, a heterogeneous wireless network is
first introduced. Then we show the heteroge-
neous wireless network-enhanced smart grid
architecture, aiming at supporting the proposed
charging/discharging strategy for PEVs based on
both spatial and temporal coordinations.

HETEROGENEOUS WIRELESS NETWORKS

To deliver the information required by a charg-
ing/discharging strategy in a real-time manner,
most of the existing works rely on cellular net-
works [7] (e.g. GSM, 3G, LTE, and so on [12]).
The advantage of a cellular network is obvious
due to the large coverage of a base station
(BS). However, inevitable drawbacks of cellu-
lar networks limit their practicability in the col-
lection of vehicle information. As cellular
systems are not designed for vehicular data
collection, the data collection services can
incur high costs. In addition, the high volume
of vehicular data may cause congestion of
other cellular services, especially when the
vehicle density is high.

Vehicular ad-hoc networks (VANETS) have
recently emerged as a promising technology for
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Figure 2. Locations of the existing charging stations in K-W region.

providing revolutionized broadband services to
vehicles. By deploying wireless gateways (e.g.
road-side units (RSUs)) along highways/side-
walks and equipping vehicles with on-board
communication facilities (e.g. on-board units
(OBUs)), two communication modes are
enabled for vehicles on the move: vehicle-to-
RSU (V2R) communications and vehicle-to-
vehicle (V2V) communications.* Exclusively
designed for information exchange among high-
ly mobile vehicles and RSUs in a multi-hop
fashion, VANETS can deliver the required real-
time information efficiently via short-range V2V
and V2R communications. As a result, large-
volume vehicle information collection is made
cheaper than if handled via cellular networks.
However, VANETS suffer from intermittent
connections among vehicles and RSUs due to
the short-range V2V and V2R communications,
leading to possible transmission delay for real-
time message delivery. The transmission delay
can affect the PEV charging/discharging deci-
sion, since the moving PEV will keep consuming
energy while waiting for the decision, that is,
introducing an additional travel cost incurred by
transmission delay.

By integrating both cellular networks and
VANETs: in the heterogeneous wireless medium,
more efficient methods for message delivery can
be obtained with a low-cost communication net-
work solution, e.g. in terms of low deployment
and operation costs. Therefore, we use a hetero-
geneous wireless network to deliver messages for
the online charging/discharging strategy design.

4 Note that, in this arti-
cle, the term V2V is used
in two different contexts,
one for VANET commu-
nications among vehicles
and the other for energy
transfer among PEVs.
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Figure 3. Heterogeneous wireless network-enhanced smart grid.

HETEROGENEOUS WIRELESS

NETWORK-ENHANCED SMART GRID ARCHITECTURE

Figure 3 shows the proposed heterogeneous
wireless network-enhanced smart grid architec-
ture, consisting of a power distribution system
with DGs, charging stations, swapping stations,
PEVs, access points (i.e. RSUs) along the roads,

and BSs of cellular networks.

The power distribution system includes a sub-
station and a set of DGs supplying energy to the
whole network through power feeders (i.e. buses).
Charging stations located at different buses pro-
vide fast charging for all PEVs (i.e. charging via
G2V). PEVs can also send electricity back to the
grid at charging stations, that is, discharging
through V2G. In addition, PEVs can exchange
energy at swapping stations, that is, charging/dis-

charging via V2V.

Time is partitioned into periods with equal
duration 1. At the beginning of every period, price
decisions are made based on the collected PEV
decisions compared to the load capacities. Similar-
ly, based on the collected PEV decisions, the max-
imal power that is exchanged at swapping stations
(i.e. the load-capacity of the swapping station) can
also be predicted in advance. In the following con-
text, denote Busj as B; and the load-capacity for

the charging/swapping station at B; as C;.

A set of RSUs, denoted as R, is deployed
along the roads for collecting the PEV charg-
ing/discharging information (i.e. individual
charging/discharging decisions of PEVs) through
V2R transmissions. Cellular network BSs are
also deployed in the network to support wireless
communications between BSs and portable
transceivers in PEVs. Connected through wires
to the charging stations, RSUs and BSs can relay
the collected PEV decisions to the charging sta-
tions for updating prices to balance the load
capacities and load demands. Thereafter, when
the RSUs (BSs) obtain the updated prices from

the charging/swapping stations, they relay the
updated price signal to the PEVs through R2V
and V2V transmissions (or via the cellular network).

Consider a set of mobile PEVs, denoted as V.
PEVs may need to be charged/discharged when
moving on their way. Two network interfaces
(i.e. cellular networks and VANETS) are inte-
grated on a PEV, and based on relevant metrics,
the real-time PEV information can be either
exchanged among the on-board units (OBUs)
through multi-hop V2V relaying or delivered to
a cellular network BS through the equipped
portable transceivers. Based on the received con-
trol signal, e.g. price control signal, charging/dis-
charging decisions are made while considering
the PEV range anxiety. The charging/discharging
decisions include a charging/discharging load/
rate of PEV v at bus B; in period k (denoted as
Py ) and a charging/discharging indicator of
vehicle v indicating whether PEV v will be
charged/discharged at the charging/swapping sta-
tion at bus B; in period k, which is denoted as
Xyj k- The charging/discharging decision x,x is
set to 1 when PEV v is charged/discharged at B;
in period k, otherwise it is 0. Note that if PEV v
is decided to be charged, the charging load Py
is positive; otherwise, when PEV v is decided to
be discharged, the charging load Py is nega-
tive. The PEV charging/discharging decisions are
in turn delivered to charging/swapping stations
via the specified wireless network.

In the next section we propose the mobility-
aware coordinated PEV charging/discharging
strategy.

PROPOSED ONLINE
PEV CHARGING /DISCHARGING
COORDINATION STRATEGY

In this section we first propose the PEV online
charging/discharging coordination strategy based
on price control. Then the technical constraints
and challenging issues of the PEV charging/dis-
charging coordination strategy are discussed.

THE PREDICTIVE DECENTRALIZED STRATEGY
BASED ON PRICE CONTROL

In spatial coordination, the concept of range
anxiety is introduced as a trade-off factor
between the PEV travel cost and battery energy
level. In the decentralized charging/discharging
strategy, PEVs iteratively update their decisions
while considering both range anxiety and elec-
tricity price in each iteration, so as to balance
the travel cost and charging/discharging revenue,
as shown in Fig. 4. The price control signal (with
the updated prices) are provided by the charging
stations (or swapping stations) to the PEVs via a
wireless communication network. Specifically, in
each iteration, charging stations jointly update
their electricity prices, based on both the collect-
ed PEV charging decisions (i.e. power demands)
in the last iteration and the predicted load capac-
ities of charging stations (i.e. power supplies), to
avoid charging station overload. Based on the
received updated electricity prices, PEVs will
update their charging/discharging decisions while
considering the range anxieties to obtain more
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charging/discharging revenues. Therefore, the
proposed strategy requires information exchange,
over a number of iterations, among charging sta-
tions and PEVs in terms of power demands and
electricity price. Hence, an efficient but econom-
ical wireless communication network is required
to support such an online charging/discharging
strategy. In summary, the proposed decentral-
ized charging/discharging strategy operates itera-
tively. Each iteration contains two stages.

Price Update at the Charging/Swapping Sta-
tions: To balance the power demands and power
supplies of charging/swapping stations, the elec-
tricity prices are updated based on the collected
information, to avoid power system overload. The
collected information is of two categories: the his-
toric RTU readings of each bus from the power
system through the wired connections, and PEV
decentralized charging/discharging decisions. The
former is delivered to the charging/swapping sta-
tion through a wired connection, based on which
the charging load capacity constraints of charg-
ing/swapping stations for G2V/V2G can be pre-
dicted. The latter is collected via the heterogenous
wireless network (either through VANETS or cel-
lular networks), based on which the power
demands of charging/swapping stations can be
estimated. The updated prices are delivered to
PEVs via the heterogeneous wireless network.

Decision Making of the Predictive Coordinat-
ed PEV Charging/Discharging: PEVs fuse the
electricity prices to calculate the optimal PEV
charging/discharging decisions by considering the
range anxieties and the charging/discharging rev-
enues. The PEV charging/discharging decisions
include both the charging/discharging rate, P, ; 1,
and the charging/discharging indicator, x,,; . The
decisions are in turn delivered to charging/swap-
ping stations for price updating through the het-
erogenous wireless network in the next iteration.

After a charging/discharging decision is made
for a PEV after a number of iterations, the deci-
sion is made available to the PEV GPS device,
which will navigate the PEV to the chosen charg-
ing/swapping station. Also, both charging and
swapping stations will receive information on the
amount of power that the PEV will be charged/
discharged, via the heterogeneous wireless network.

TECHNICAL CONSTRAINTS OF
PEV CHARGING /DISCHARGING
COORDINATION STRATEGY

In order to implement charging/discharging con-
trol for PEVs in the smart grid, the power con-
straints on the feeders are first captured,
followed by the charging/discharging constraints
for mobile PEVs. Next, the design principles
underlying the strategy are presented.

Power System Technical Constraints — Consider a
smart grid that assumes the system model shown
in Fig. 3. The power system can be abstracted as a
one-line diagram with multiple buses. For further
illustration, an example of a 12-bus system is
depicted in Fig. 5. Let B denote the set of buses
in the system, with a population of 12 buses in
this example. The generation buses are defined as
the buses injecting power into the system, that is,

Price decision coordination

Communication
networks

Update PEV’s own ,-*

charging profile .* Update PEV’s own

Price control Signal \\\ Charging pro’file

e &

Charging/discharging Charging/discharging
decision making decision making

Charging station

Figure 4. Distributed PEV charging/discharging strategy by price control.

B and By in Fig. 5, while the other buses which
only have loads are denoted as the load buses,
that is, B3, B¢, and so on. The power system is
supplied through both the substation at the gen-
eration bus (i.e. By) and DGs (e.g. at Byy). PEV
charging stations are located in the network at
load buses, e.g. B3, B, B, and By, respectively.
Consider that each charging station connected to
the grid is capable of supporting both V2G and
G2V. In addition, the swapping stations are locat-
ed at B, and By, for V2V, as shown in Fig. 5.

Power System Constraints for Charging — For G2V,
due to the thermal limit of the service cable or
the current rating of the fuse, a PEV charging
station at Bj is subject to a load-capacity con-
straint Cj, which can be calculated via the RTU
readings based on power flow equations. In
addition, the voltage limits and thermal limits of
the feeders for charging should also hold, for
example, within a range [Viin, Vmax] [13]. For
V2V, the charging load-capacity at the swapping
stations is limited by the available maximum
power from PEVs, which can be predicted based
on the collected vehicle information.

Power System Constraints for Discharging — For V2G,
the discharging load-capacity is limited by the
current carrying capacity of wires and other cir-
cuitry connecting PEVs to the grid [14]. For
V2V, the basic power constraint is due to the
power balance equations among PEVs, that is, at
an aggregator, the total charging power should
be balanced with the total discharging power.

Charging/Discharging Constraints for Mobile PEVs —
For individual vehicles, the charging/discharging
constraints for PEVs will be next evaluated by
considering the travel cost due to PEV mobility.
When a mobile PEV is to be charged/dis-
charged, the charging/discharging load of PEV v
(e V) at B; in period k, that is, P j, should be
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Figure 5. A power system model.

less than a certain charging load limit, P\I)I:,aﬁ , due
to the PEV charger output power constraint. If
PEV v is not planned to be charged/discharged
in period k, that is, x,jx = 0, the charging/dis-
charging load of PEV v in period k& should be 0.

Moreover, for PEV v, during a single period
only one charging/swapping station is selected,
since a PEV can only be routed to one charg-
ing/swapping station at a time. In addition, dur-
ing a charging/discharging period, the
charging/discharging energy of each PEV should
be limited by its battery-capacity (or a user pre-
defined capacity) U, and the battery should not
get depleted on the way and fail to be
charged/discharged, that is,

za c‘:)s]; cons [ le) Js k]]

<U, Yk, Yv ey

0<rl

where P is the initial energy stored in PEV v in

period k, Pm, is the travel cost for char«;glng/dls-
charging in period k for PEV v, and PLmL should
be less than the current stored energy, P, kt, other-
wise, the battery will be depleted before the PEV
reaches the destination. Note that it can be col-
lected in real time by RSUs either based on V2V
and V2R communlcatlons or through the cellular
network. Let PX,, be the non- chargmg/dlschargmg
energy cost of each PEV for moving on the road if
the PEV 1s not charged/discharged in period k.
The cost P, can be determined by the drivers’
preferences. The charging/discharging duration of
each period is a hours. For instance, if we consider
a 30-minute charging/discharging duration for each
period, we have a = 0.5. Then, for a PEV charg-
ing/swapping station at B;, the summation of all
such PEV loads, P;, in period k should be less
than the aforementioned load-capacity of the bus,
that is, C;.

Design Princifles of Charging/Discharging Strateqgy —
The spatial and temporal PEV charging/dis-
charging strategy in the heterogeneous wireless
network-enhanced smart grid operates according
to the following principles:

e At each charging station:

— For G2V, due to the voltage and thermal
limits of the service feeder, the summation of
all PEV charging powers at this feeder should
be held by the load-capacity of the charging
station.

— For V2G, the power constraint of PEV dis-
charging powers is limited by the current car-
rying capacity of the PEV circuits.

e For V2V at swapping stations, the power bal-
ance equations among PEVs should be satis-
fied at the aggregator.

* For each PEV, the charging/discharging rate
should be limited by the PEV charger output
(input) power constraint.

* A PEV can be dispatched to at most one
charging/swapping station at a time.

* The charging/discharging energy of each PEV
should be limited by its own battery-capacity
or driver target limit.

* The assigned charging/swapping stations must
be within the range of individual mobile PEVs
by taking into account the current locations
and battery energy levels, considering the con-
sumed energy to drive to the charging/swapping
station and while waiting for the charging/dis-
charging decision due to the transmission delay
over the heterogeneous wireless network.

CHALLENGING ISSUES

In order to efficiently deploy such design princi-
ples, there exist many challenging issues includ-
ing PEV mobility modeling, selecting the
transmission network, balancing the trade-off
between the power system technical limitations
and customers’ preferences, and the business
revenue model for V2G and V2V transactions.

Mobility Modeling of PEVs — The mobility model of
PEVs has a direct impact on the travel cost to a
charging/swapping station and hence affects the
PEV charging/discharging coordination decision.
Consider that PEVs are on the roads in the sub-
urban area according to a mobility model, for
example, Wiedemann 74 [15]. The mobility of
each PEV can be characterized by random vari-
ables (S, A). The vehicle velocity is represented
by S, which takes n possible values. When n = 2,
S has two states: a lower velocity S; and a higher
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velocity Sy, and the velocity transition is modeled
as a two-state continuous Markov chain with
state transition rates, Ay g or Agy, respectively.
The model can be exploited to describe the real-
istic driving behaviors of people, that is, a driver
drives at a velocity for a period and then changes
to a higher/lower velocity based on his/her will,
road conditions, or the headway distance between
the vehicle and the one in front. Based on the n-
state continuous Markov chain of the Wiede-
mann 74 model, the headway distance between
PEVs, inter-contact time among PEVs, and vehi-
cle-density, and so on, can be modeled, and
therefore both the travel cost and the energy
consumed due to the transmission delay can be
calculated. Based on the PEV mobility model
and by calculating both the travel cost and trans-
mission delay, the range anxiety can be specified.

Network Selection for Real-Time Information Delivery —
In VANETS, the PEV mobility results in intermit-
tent V2V and V2R connections, which introduce a
transmission delay and thus incur an additional
travel distance (cost) while PEV v is waiting to
receive the decision via VANETSs. On the other
hand, using the cellular network for information
delivery might incur additional monetary cost. The
network selection mechanism can be designed to
balance a trade-off between the travel cost due to
transmission delay in VANETSs and the monetary
cost mainly due to cellular networks.

The travel distance while waiting to receive a
decision through VANETS: is denoted as d,,  for
PEV v in period k. Based on the mobility model
of PEVs, the travel distance, d,, x, during which
PEV v is moving and waiting for the charging/
discharging decision in period k, can be calculated
asdyr = U(S, A, §, R, L, m), where (") is a func-
tion that measures the effects of transmission
delay in VANETS on the travel distance d, . The
transmission delay in VANETS is decreasing with:
* The increased vehicle mobility parameters (i.e.

S and (1/A), since increasing S and (1/A) can

reduce the average number of hops in a multi-

hop transmission link leading to a reduced
transmission delay.

* The increased vehicle density (i.e. ) which
may provide more chances to create a success-
ful transmission link, and it might reduce the
average transmission delay for a V2V/V2R
communication.

* More possibilities for V2R transmissions in
the network (i.e. by increasing transmission
range R or deploying more RSUs to decrease
the average distance between RSUs, L).

* A more efficient transmission mechanism T,
for example, choosing the farthest node within
the transmission range as the relay to reduce
the number of transmission hops or designing
an efficient distributed coordination function
(DCF) in the medium access control (MAC)
layer to avoid transmission collisions.

The travel cost due to the transmission delay in
VANET:s is denoted as a linear non-decreasing
function PC(d,) to measure the travel cost P2k for
PEV v to wait for receiving the decision in period k.
By balancing the VANET travel cost PYK, with the
cellular network monetary cost, the wireless commu-
nication network can be employed for information
delivery more efficiently and economically.

Balancing the Trade-Off Between the Power System
Technical Limitations and Preferences of Customers —
Due to the mobility of PEVs, drivers usually
have their own preferences for choosing a charg-
ing/swapping station, for example, based on the
shortest routing length or the most familiar sta-
tion. The preferred charging/swapping station
may not be able to support any additional power
loads. Thus, based on the power system overload
avoidance, another charging/swapping station
can be assigned to PEV v charging/discharging
by spatial coordination.

Based on the travel distance d,, the travel
cost for PEV v in period k in terms of energy,
PC(dy ), should be no more than the
charging/discharging revenue (e.g. a cheaper
electricity price) to motivate drivers to route to
that charging/swapping station. Similarly, the
travel cost can also be formulated based on
other driver preferences (for a subset of stations
along the customer route). For example, given
the customer route, he/she will prefer to choose
a charging station along that route. The selected
charging station should be chosen from a subset
of charging station candidates only along that
route. This subset of the charging station candi-
dates can be incorporated into the optimization
problem as an additional constraint.

Since drivers prefer to maximize their prefer-
ences for charging/discharging, there exists a
trade-off between the optimal utilization of the
power system and the customers’ preferences.
This trade-off unveils the challenging issues of
how to define the preferences of individual
drivers, and how to balance the trade-off
between the system limitations and individual
customers’ preferences.

Business Revenue Model for Charging/Discharging — The
spatial and temporal coordination introduces addi-
tional challenges for the bi-directional flow of
electricity [16] (i.e. including both G2V and V2G).
The business model established for PEVs interac-
tion with the grid should benefit both customers
and system operators. Specifically, the business
model should provide an incentive for drivers to
use the charging/swapping stations. Hence, the
achieved revenue should be higher than the
incurred travel cost. Moreover, the business model
should balance power generation and demand for
both PEVs and charging/ swapping stations, with a
satisfactory revenue for the grid operator.

CASE STUDIES OF
SPATIAL CHARGING COORDINATION

With the consideration of the aforementioned
charging constraints and challenging issues, two
case studies are presented to demonstrate the
benefits of spatial and temporal charging coordi-
nation in terms of system power utilization, based
on the same power data presented in Tables 1
and 2. Specifically, the first case study investigates
the proposed strategy over different time periods
of the day, with time varying total-available-charg-
ing-energy (TACE) (i.e. the total energy that can
be supplied by the power grid to the charging sta-
tions while avoiding power overload at that time
period). The second case study focuses on one

The selected charging
station should be chosen
from a subset of charg-
ing station candidates
only along that route.
This subset of the charg-
ing station candidates
can be incorporated into
the optimization prob-
lem as an addifional
constraint.
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Figure 6. Comparison between the proposed strategy and the strategy without spatial coordination. a) TPCE under the strategy
with/without spatial coordination; b) APTC and number of charged PEVs under the strategy with/without spatial coordination.
TACE is fixed at 5400 KWh.

specific time period with fixed TACE. We com-
pare the total charging energy of B, and Bj; when
considering spatial coordination to the one with-
out spatial coordination. The performance metric
is total-PEV-charging-energy (TPCE). It can be
observed from Fig. 6a that over the day, the strat-
egy that incorporates spatial coordination results
in larger TPCE than the strategy in which charg-
ing decisions are made in the absence of spatial
coordination. The TPCE gain under the strategy
with spatial coordination is also shown in Fig. 6a.

On the other side, during a specific time peri-
od, when the total available-charging-energy
(TACE) is fixed, with an increasing total number
of PEVs, we compare the proposed coordinated
strategy and the legacy strategy without spatial
coordination, in terms of the average PEV travel
cost (APTC) performance (i.e. the accumulated
travel cost of all PEVs over the number of
charged PEVs) as well as the number of success-
fully charged PEVs. As shown in Fig. 6b, it can be
observed that when TACE is fixed, with a higher
number of PEVs, the spatial coordination can
balance the travel cost among demanding PEVs
while avoiding the overload of charging stations,
leading to a decreased APTC. As the APTC
decreases, the average battery level for PEVs with
charging requests when they arrive at the charg-
ing stations is higher due to a smaller travel cost
to the charging station, resulting in a smaller
average PEV charging energy. Thus, more PEVs
can be charged at a fixed TACE. In the absence
of spatial coordination, increasing the total num-
ber of PEVs may overload the power grid due to
the high demand. To offload the high demand of
a charging station, some PEVs have to route to a
farther charging station for charging, leading to a
higher average travel cost. However, due to range
anxiety, some PEVs may fail to route to the far-
ther charging station, leading to a smaller number
of successfully charged PEVs compared with the
spatial coordinated strategy.

CONCLUSIONS

In this article we have incorporated PEV mobility
into the online charging/discharging coordination
problems and proposed an online coordinated
PEV charging/discharging strategy. Specifically, we
have introduced an enhanced smart grid frame-
work with the functionalities of real-time vehicle
information collection through VANETS assisted
by cellular networks. Based on the gathered real-
time vehicle information, the mobility-aware coor-
dinated PEV charging/discharging strategy can be
performed jointly in a spatio-temporal framework
to improve overall power utilization while avoiding
the power system overload and generation-
demand mismatch. Different challenges for devel-
oping such an online strategy have been discussed
in terms of PEV mobility modeling, travel cost
modeling, and balancing the trade-off between the
power system technical limitations and customers’
preferences. In addition, we have developed a
business revenue model that provides incentives
for drivers to participate in the V2G and V2V
operations. In our future work we will consider
more complicated charging/discharging scenarios,
for example, DGs in the power grid, to further
validate the benefits of the spatio-temporal coor-
dinations in real-time practical applications.

REFERENCES

[1] A Comprehensive Guide to Plug-In Hybrid Vehicles,
Hybrid Cars; available: http://www.hybridcars.com/plug-
in-hybrid-cars/\#battery, 2011.

[2] Electric Power Resech Institute; available: http://www.
epri.com/Pages/Default.aspx.

[3] TESLA Motors; available: http://www.teslamotors.com/
models.

[4] P. Richardson, D. Flynn, and A. Keane, “Local Versus
Centralized Charging Strategies for Electric Vehicles in
Low Voltage Distribution Systems,” IEEE Trans. Smart
Grid, vol. 3, no. 2, 2012, pp. 1020-28.

[5] C. Liu et al., “Opportunities and Challenges of Vehicle-
to-Home, Vehicle-to-Vehicle, and Vehicle-to-Grid Tech-
nologies,” Proc. IEEE, vol. 101, no. 11, Nov. 2013, pp.
2409-27.

120

IEEE Wireless Communications ¢ February 2015



[6] M. Shaaban, Y. Atwa, and E. El-Saadany, “EVs Model-
ing and Impacts Mitigation in Distribution Networks,”
IEEE Trans. Power System, vol. 28, no. 2, May 2013,
pp. 1122-31.

[7]1 L. Gan, U. Topcu, and S. Low, “Optimal Decentralized
Protocol for Electric Vehicle Charging,” IEEE Trans.
Power System, vol. 28, no. 2, May 2013, pp. 940-51.

[8] Y. Cao et al., “An Optimized EV Charging Model Con-
sidering TOU Price and SOC Curve,” IEEE Trans. Smart
Grid, vol. 3, no. 1, March 2012, pp. 388-93.

[9] M. F Shaaban et al., “Real-Time PEV Charging/Discharg-
ing Coordination in Smart Distribution Systems,” IEEE
Trans. Smart Grid, vol. 5, no. 4, June 2014, pp.
1797-1807.

[10] M. Wang et al., “Mobility-Aware Coordinated Charg-
ing for Electric Vehicles in VANET-Enhanced Smart
Grid,"” IEEE JSAC, vol. 32, no. 7, July 2014, pp. 1-17.

[11] C. Norén and J. Pyrko, “Typical Load Shapes for
Swedish Schools and Hotels,” Energy and Buildings,
vol. 28, no. 2, 1998, pp. 145-57.

[12] R. Zhang et al., "Equivalent Capacity in Carrier Aggre-
gation-Based LTE-A Systems: A Probabilistic Analysis,”
IEEE Trans. Wireless Commun., vol. 13, no. 11, Nov.
2014, pp. 6444-60.

[13] M. E. Elkhatb, R. El-Shatshat, and M. Salama, “Novel
Coordinated Voltage Control for Smart Distribution
Network with DG,"” IEEE Trans. Smart Grid, vol. 2, no.
4, 2011, pp. 598-605.

[14] AC Propulsion; available: http://www.acpropulsion.
com/.

[15] R. Wiedemann, “Modeling of RTI-Elements on Multi-
Lane Roads,” Proc. Drive Conference, Brussels, Belgium,
Feb. 1991.

[16] H. Liang et al., “Optimizing the Energy Delivery via
V2G Systems Based on Stochastic Inventory Theory,”
IEEE Trans. Smart Grid, vol. 4, no. 4, 2013, pp.
2230-43.

BIOGRAPHIES

Miao WANG [S'13] received her B.Sc. degree from Beijing
University of Posts and Telecommunications and the M.Sc.
degree from Beihang University, Beijing, China, in 2007
and 2010, respectively. She is currently working toward the
Ph.D. degree in the Department of Electrical and Computer
Engineering, University of Waterloo, Waterloo, ON, Cana-
da. Her current research interests include traffic control,
capacity and delay analysis, routing protocol design for
vehicular networks, and electric vehicle charging/discharg-
ing strategy design in smart grid.

MUHAMMAD ISMAIL [S’10-M’13] received the B.Sc. and M.Sc.
degrees in electrical engineering (electronics and communi-
cations) from Ain Shams University, Cairo, Egypt, in 2007
and 2009, respectively, and the Ph.D. degree in electrical
and computer engineering from the University of Waterloo,
Waterloo, ON, Canada, in 2013. He is an assistant research
scientist with the Department of Electrical and Computer
Engineering, Texas A&M University at Qatar, Doha, Qatar.
His research interests include distributed resource alloca-
tion, green wireless networks, cooperative networking,
smart grid, and biomedical signal processing. He is a co-
recipient of the Best Paper Award at IEEE ICC 2014 and
IEEE Globecom 2014. He served as a TPC Member for IEEE
ICWMC 2010 and 2014 and IEEE ICC 2014 and 2015. He
served as a Web Chair for the IEEE INFOCOM 2014 Orga-
nizing Committee. He has been an associate editor at IET
Communications since December 2014, and he joined the
International Journal on Advances in Networks and Ser-
vices Editorial Board in January 2012. He was an editorial
assistant of the IEEE Transactions on Vehicular Technology
fom January 2011 to July 2013. He has been a technical
reviewer for several conferences and journals, including
IEEE Communications Magazine, IEEE Transactions on
Mobile Computing, IEEE Transactions on Wireless Commu-
nications, IEEE Transactions on Communications, IEEE Com-
munications Surveys and Tutorials, IEEE Communications
Letters, the International Journal on Sensor Networks, and
IET Communications.

XUEMIN (SHERMAN) SHEN [IEEE M'97-SM’02-F09] received the
B.Sc. (1982) degree from Dalian Maritime University (China)
and the M.Sc. (1987) and Ph.D. degrees (1990) from Rut-
gers University, New Jersey (USA), all in electrical engineer-
ing. He is a professor and university research chair,
Department of Electrical and Computer Engineering, Uni-
versity of Waterloo, Canada. He was the associate chair for
graduate studies from 2004 to 2008. Dr. Shen’s research

focuses on resource management in interconnected wire-
less/wired networks, wireless network security, social net-
works, smart grid, and vehicular ad hoc and sensor
networks. He is a co-author/editor of 12 books, and has
published more than 700 papers and book chapters in
wireless communications and networks, control and filter-
ing. Dr. Shen is an elected member of IEEE ComSoc Board
of Governors, and the chair of the Distinguished Lecturers
Selection Committee. He served as the Technical Program
Committee Chair/Co-Chair for IEEE Infocom’14, IEEE VTC'10
Fall, the Symposia Chair for IEEE ICC’'10, the Tutorial Chair
for IEEE VTC'11 Spring and IEEE ICC'08, the Technical Pro-
gram Committee Chair for IEEE Globecom’07, the General
Co-Chair for Chinacom’07 and QShine’06, the Chair for
IEEE Communications Society Technical Committee on
Wireless Communications, and P2P Communications and
Networking. He also serves/served as the editor-in-chief for
IEEE Network, Peer-to-Peer Networking and Applications,
and IET Communications. He was a founding area editor
for IEEE Transactions on Wireless Communications; an asso-
ciate editor for IEEE Transactions on Vehicular Technology,
Computer Networks, and ACM/Wireless Networks, among
others, and the guest editor for IEEE JSAC, IEEE Wireless
Communications, IEEE Communications Magazine, and
ACM Mobile Networks and Applications, among others. He
received the Excellent Graduate Supervision Award in 2006,
and the Outstanding Performance Award in 2004, 2007,
and 2010 from the University of Waterloo; the Premier’s
Research Excellence Award (PREA) in 2003 from the
Province of Ontario, Canada; and the Distinguished Perfor-
mance Award in 2002 and 2007 from the Faculty of Engi-
neering, University of Waterloo. Dr. Shen is a registered
Professional Engineer of Ontario, Canada, an IEEE Fellow,
an Engineering Institute of Canada Fellow, a Canadian
Academy of Engineering Fellow, and a Distinguished Lec-
turer of the IEEE Vehicular Technology Society and the IEEE
Communications Society.

ERCHIN SERPEDIN [F'13] is a professor with the Department of
Electrical and Computer Engineering, Texas A&M University,
College Station, TX, USA. He received the specialization
degree in signal processing and transmission of information
from Ecole Superieure D’Electricite (SUPELEC), Paris, France,
in 1992, the M.Sc. degree from the Georgia Institute of
Technology, Atlanta, USA, in 1992, and the Ph.D. degree in
electrical engineering from the University of Virginia, Char-
lottesville, USA, in January 1999. Dr. Serpedin is the author
of two research monographs, one textbook, nine book
chapters, 110 journal papers, and 180 conference papers.
His research interests include signal processing, biomedical
engineering, bioinformatics, and machine learning. Dr. Ser-
pedin is currently serving as an associate editor of the IEEE
Signal Processing Magazine and as the editor-in-chief of
EURASIP Journal on Bioinformatics and Systems Biology, an
online journal edited by Springer. He served as an associate
editor of several journals, such as the IEEE Transactions on
Information Theory, IEEE Transactions on Signal Processing,
IEEE Transactions on Communications, IEEE Signal Process-
ing Letters, IEEE Communications Letters, IEEE Transactions
on Wireless Communications, Signal Processing (Elsevier),
Physical Communications (Elsevier), EURASIP Journal on
Advances in Signal Processing, and as a Technical Chair for
five major conferences. He has received numerous awards
and research grants.

KHALID QARAQE [M’97-SM'00] was born in Bethlehem. He
received the B.S. degree (with honors) from the University
of Technology, Baghdad, Iraq, in 1986, the M.S. degree
from the University of Jordan, Amman, Jordan, in 1989,
and the Ph.D. degree from Texas A&M University, College
Station, TX, USA, in 1997, all in electrical engineering.
From 1989 to 2004 he held a variety of positions in many
companies, and he has over 12 years of experience in the
telecommunication industry. He has worked for Qual-
comm, Enad Design Systems, Cadence Design Systems/Tali-
ty Corporation, STC, SBC, and Ericsson. He has worked on
numerous GSM, CDMA, and WCDMA projects and has
experience in product development, design, deployments,
testing, and integration. He joined the Department of Elec-
trical and Computer Engineering, Texas A&M University at
Qatar, Doha, Qatar, in July 2004, where he is currently a
professor. His research interests include communication
theory and its application to design and performance,
analysis of cellular systems, and indoor communication sys-
tems. His particular interests are in mobile networks,
broadband wireless access, cooperative networks, cognitive
radio, diversity techniques, and beyond 4G systems.

We have developed a
business revenue model
that provides incentives
for drivers to participate

in the V26 and V2V
operations. In our future
work, we will consider
more complicated charg-
ing/discharging scenar-
ios, for example, DGs in
the power grid, to fur-
ther validate the bene-
fits of the
spatio-temporal coordina-
tions in reakime practi-
cal applications.

IEEE Wireless Communications ¢ February 2015

121




<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.7
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket true
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.1000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize false
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage false
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness false
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Remove
  /UsePrologue false
  /ColorSettingsFile (None)
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages false
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages false
  /ColorImageDownsampleType /Average
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages false
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages false
  /GrayImageDownsampleType /Average
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages false
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages false
  /MonoImageDownsampleType /Average
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier (CGATS TR 001)
  /PDFXOutputCondition ()
  /PDFXRegistryName (http://www.color.org)
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Cadmus settings for Acrobat Distiller 9)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /BleedOffset [
        0
        0
        0
        0
      ]
      /ConvertColors /NoConversion
      /DestinationProfileName (U.S. Web Coated \(SWOP\) v2)
      /DestinationProfileSelector /UseName
      /Downsample16BitImages true
      /FlattenerPreset <<
        /ClipComplexRegions true
        /ConvertStrokesToOutlines false
        /ConvertTextToOutlines false
        /GradientResolution 300
        /LineArtTextResolution 2400
        /PresetName (Cadmus_Flattener_Presert)
        /PresetSelector /UseName
        /RasterVectorBalance 1
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles true
      /MarksOffset 6
      /MarksWeight 0.250000
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /UseName
      /PageMarksFile /RomanDefault
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /LeaveUntagged
      /UseDocumentBleed false
    >>
    <<
      /AllowImageBreaks true
      /AllowTableBreaks true
      /ExpandPage false
      /HonorBaseURL true
      /HonorRolloverEffect false
      /IgnoreHTMLPageBreaks false
      /IncludeHeaderFooter false
      /MarginOffset [
        0
        0
        0
        0
      ]
      /MetadataAuthor ()
      /MetadataKeywords ()
      /MetadataSubject ()
      /MetadataTitle ()
      /MetricPageSize [
        0
        0
      ]
      /MetricUnit /inch
      /MobileCompatible 0
      /Namespace [
        (Adobe)
        (GoLive)
        (8.0)
      ]
      /OpenZoomToHTMLFontSize false
      /PageOrientation /Portrait
      /RemoveBackground false
      /ShrinkContent true
      /TreatColorsAs /MainMonitorColors
      /UseEmbeddedProfiles false
      /UseHTMLTitleAsMetadata true
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


