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approach 3D problems is computationally demanding.

Active contour (AC)[TS] evolves in a solution space to minimize the total These four issues have been addressed by formulating a new The performance of DAS compared to a non-parametric model is
energy of a spline. The conventional AC energy minimization technique is model, decoupled active surface(DAS). demonstrated using five volumetric images (AS, BS, CS, DS and ES) and two
slow and is sensitive to outliers. To address these issues, decoupled active temporal image sequences (FS and GS).
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